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Aero-engine multivariable learning fuzzy decouple control
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Abstract:

A new kind of multivariable fuzzy decouple controller is reported for aero-engine, which consists of multivariable

fuzzv decounle control and fuzzv model reference leaming control. A fuzzv inverse model is used to produce and adiust fuzzv rules on-

line. The simulation results show that this controller is effective.
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Fig. 2 Rule base array table
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